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generalization to unseen tasks.

Accuracy on GTSRB

* Small a — worst-task focus; large o — even spread.
Figure 4. Preference Sensitivity

e Two-task trade-off: TARA traces a smooth Pareto curve

dominating baseline operating points.

* Preference sensitivity: under randomized p, TARA's accuracy

cluster 1s much tighter than AdaMerging's.



